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Q parameter is rubbish
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Machine learning

Cluster distribution is “whitened”, i.e. Cov(x)=I

Parameters estimated using minimum
spanning tree and complete graph.

Neural net method used to map edge length
moments of graphs to underlying parameters.

GitHub: github.com/odlomax/clusterfrac
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Conclusions

Q analysis of stellar structures has some serious shortcomings, mainly due to
models.

Fractional Brownian motion (FBM) provides a convenient model of star cluster
morphology, related to molecular clouds.

Machine learning technigues can be used to modernise Q analysis.

So far, we can classify clusters, and generate synthetic analogues. Simulations
needed to better understand physical meaning of parameters.

Article: Lomax et al., 2018, MNRAS, 480, 371
arXiv: 71804.06844
GitHub: github.com/odlomax/clusterfrac



